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In recent years, school reformers have embraced data-driven decision
making as a central strategy for improving much of what is wrong in public
education. The appeal of making education decisions based on hard
data...stems partly from the idea that data can make the source of a
problem clearer and more specific.’

In an era of educational accountability, schools and districts continually look for effective
ways to improve student outcomes. One strategy involves the incorporation of data from
informal and formal assessments as a means of informing and modifying future instructional
practices.? Using student data to make instructional and school-level decisions is frequently
referred to as data-driven decision making.®>* Through data-driven decision making, teachers and
administrators collaborate on how to use student performance data to guide instruction, and
improve student achievement.® Specifically, teachers use the data to identify areas of difficulty
and to make changes to instruction for the whole class, small groups, or individual students.®
By focusing on actual data, teachers are better able to target specific student needs in a timely
manner and respond accordingly.

Archipelago Learning’s suite of supplemental digital learning products provide teachers
with a wide array of student performance data for Pre-Kindergarten through Post-Secondary
classrooms. These digital learning products are presented as an example of effective digital
tools that provide detailed assessment and performance data and can be used to improve
instructional practices and student outcomes.

Links Between Data-Driven Instruction and Student
Achievement OQutcomes

Multiple research studies demonstrate the benefits of using achievement and
performance data to drive classroom instruction. Previously teachers used the results of
standardized or interim assessments to inform or guide instruction, and in turn, improve
student outcomes.” While standardized assessment data supplies helpful summative measures
of student achievement, studies find that ongoing progress monitoring assessments are more
informative than less frequent tests (e.g., state assessments), because of their recurring
frequency, timeliness, and curriculum alignment.®® Providing progress monitoring data directly
to students and teachers offers a set of unique achievement benefits, as described below.

Student benefits. Studies find that students benefit from seeing the results of their
efforts. Specifically, when students have goals for their work and receive timely feedback on
their progress, they have higher self-efficacy and greater achievement outcomes compared to
students who only receive an overall objective.'®" Furthermore, when students receive

Using Digital Learning Data to Drive Instruction 1
Magnolia Consulting, LLC, November 5, 2012



How ARCHIPELAGO LEARNING DIGITAL
PRODUCTS BENEFIT STUDENTS AND
TEACHERS

* Provide students with
immediate feedback on their
performance and
instructional goals

* Take the guesswork out of
progress monitoring and
data analysis

* Provide teachers with access
to up-to-date reports on

continuous performance feedback from teachers or digital
learning programs they achieve at higher levels compared
to classrooms where students do not receive ongoing
feedback.’'®' As a result, when students have
continuing involvement in their learning and a greater
understanding of performance, self-perceptions and
achievement outcomes improve.

Teacher benefits. Studies find that when teachers
monitor student progress and utilize graphs to track data
over time, teachers obtain an ongoing assessment of
student performance and can better customize their
teaching to meet student learning needs.'®'® Additionally,

when teachers utilize a formal progress monitoring
system, such as a digital learning program, they are more
effective at improving student skills compared to when
teachers create their own progress monitoring systems."’
Furthermore, teacher receipt of detailed student performance reports from computerized
progress monitoring assessments is related to greater student achievement, compared to
classrooms where teachers do not receive detailed information on student learning.' Finally,
when teachers receive explicit instructional recommendations based on student performance
data, students have higher performance, and teachers make more frequent instructional
modifications.®2

student learning and
achievement

How to Implement Data-Driven Decision Making

How can teachers effectively implement data-driven decision making in their
classrooms? Multiple studies have established several strategies teachers should use when
making data-driven decisions.

1) Teachers should have an online system to manage student data. Several studies
suggest that digital programs used to manage student data and draw attention to student
weaknesses can be helpful in informing instruction.?"?223242526 Specifically, digital learning
programs that allow for the aggregation of student data by class, content area, or type of
assignment can support teachers in identifying specific students who might need additional
assistance, and in noting performance patterns.?’

Studies also find that online data management systems increase utility and time
efficiency. Specifically, when data is available to teachers online, they are more likely to use the
data to inform instruction.?® The user-friendly reports provided by online systems can also
support utility by illustrating how student performance relates to specific standards.?°°
Additionally, with a comprehensive data source on student learning, online systems enable
teachers to be more time efficient in meeting student needs.®' Taken together, online systems
can support teachers in tracking, managing, understanding, and utilizing student data.
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2) Data-driven decision making should be an ongoing part of instructional and school
practice. Teachers and schools need to make data use a priority. First, teachers should use
digital programs to analyze data and determine instructional strategies for improving student
learning. 2% Then, teachers should implement these instructional strategies to test the
strength of their suggested modifications and to determine if student learning improves. Some
strategies include giving students more time, changing the curriculum order, finding new ways

to teach concepts, and differentiating instruction.3*%

3) Teachers should consult a wide variety of sources. One assessment (e.g.,
standardized state test) is not enough to inform instructional practices or affect student
achievement outcomes. Rather, teachers should review a wide variety of data on student
learning needs over time (e.g., digital progress monitoring assessments, chapter or lesson
tests).%6:3738:3940 | teachers notice a problem on one assessment, they should check other
sources for confirmation.*' For example, if a teacher is concerned that her students are having

difficulty with nonfiction writing based on state
assessment results, she then should confirm by
reviewing digital learning progress monitoring
assessments. Ultimately, it is more effective to collect
and utilize data over time, rather than focusing solely on
the results of one assessment.*

4) Teachers should receive support in
understanding student data. The simple receipt of data
does not make interpretation clear. Teachers need
support, guidance, and professional development to best
understand and utilize classroom assessment data in
guiding decision making.**444%46 Schools can establish an
overall supportive culture of data-driven decision making
by creating a clear message that describes appropriate
ways to use student data.*’*84%% For example, schools
could provide additional time in grade-level and school-
level instructional planning meetings for teachers to
review and receive assistance in the interpretation of
student data.

Support in understanding data also increases the
likelihood that teachers will use it effectively.®’ Studies
show that when teachers receive professional
development on how to use student achievement data,
students see significantly greater gains in
achievement.52535485 Schools should try to find ways to
provide time for staff to collaborate on how to learn from
and use data.®57%85% By engaging in peer conversations
teachers can co-develop strategies for accommodating
specific learning needs.

5) Teachers should focus on the needs of all students. Teachers should strive to support

How ARCHIPELAGO LEARNING DIGITAL
PRODUCTS SUPPORT DATA-DRIVEN
DEcisiON MIAKING

Online assessment
management systems provide
teachers and students with
clear and descriptive
information on student
performance

Allow schools to seamlessly
integrate data into the
classroom

Provide teachers with a wide
variety of assessment
feedback, collected over time

Give teachers explicit
information on areas of
strength and weakness for
students

Teachers can easily share
assessment results with other
educators who are involved in
a student’s education

* Include performance data for

all students, regardless of
ability level

e Students can view their

progress over time

all students when considering data, not just those students on the bubble or with low
performance.®’ By considering student data for the entire classroom, teachers can understand
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individual student needs and areas where more support is needed.®” When teachers seek to
understand their students’ needs through data-driven decision making, the whole class directly
benefits.

6) Students should be involved in data-driven decision making. Students should be
engaged in the data decision-making process with teachers. This allows students to monitor
their own performance, and set individual goals.?26*\When involving students in the decision
making process, students should receive feedback and be equipped to learn from that feedback
(e.g., rubrics). Teachers can then use student interpretations of their data to guide instructional
modifications. By allowing students to monitor their progress, students are able to increase
engagement in the subject area and develop a sense of control over their learning.6*% Digital
programs that provide clear objectives and feedback on performance offer one method for
supporting students in this area.®

The benefits of data-driven decision making are strengthened when teachers utilize
online systems for data management, consult a wide variety of data sources, receive support in
understanding data, and consider all student needs in the process. Furthermore, establishing
data-driven decision making as a part of the school culture and including students in the
process serves to build teacher, school, and district capacity for using learning and achievement
data to enhance instruction.

Archipelago Learning Digital Products Provide Data to

Drive Instruction

v Archipelago Learning
offers a suite of Pre-

Kindergarten through Post-
Secondary education
supplemental digital learning
products, including Study
Island, EducationCity, Reading
Eggs, Reading Eggspress, ESL
ReadingSmart, ReadingMate,

- and Northstar Learning. Each
product provides teachers with
unique information on
individual student needs based
on built-in performance and
progress monitoring data. All
products provide teachers with
a snapshot of student progress. One product, ESL ReadingSmart, provides English language
learners with tailored instruction designed to develop English language proficiency. The
program continually updates teachers on student progress through the use of reports on
student performance.
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Through the multiple assessment opportunities offered in all seven digital learning
programs, students receive immediate performance feedback. For instance, ReadingMate,
provides supplemental instruction to students who struggle in reading. As students work
through the program, they are continually informed of their progress.

All products provide teachers with suggested instructional modifications based on
student needs, promote the integration of data-driven decision making into classroom routines,
and offer teachers a wide variety of assessment data, collected over time. For example,
Reading Eggs and Reading Eggspress provide teachers with continual feedback and student
data on progress toward mastery of critical reading components (e.g., phonics, vocabulary,
comprehension). Additionally, Study Island offers RTI reporting, which gives teachers the
opportunity to track student progress by highlighting areas of difficulty and detailing when
educational standards are or are not met. Study Island also suggests instructional modifications
based on student performance results.

Each Archipelago Learning product provides supplementary instruction for all students
in a classroom, regardless of ability level, giving each student a chance to build upon current
skills. For example, EducationCity provides teachers with interactive lesson plans related to
state and Common Core State standards and provides support for whole class, small group,
and individual instruction. Students also have the opportunity to practice and build upon
standards learning through online games and assessments.

Finally, all products allow students to individually view their own progress and receive
tailored improvement feedback. Another product, Northstar Learning provides college students
with immediate and corrective feedback on their progress toward mastery of content on career
and college course exams.

Archipelago Learning’s products support data-driven decision making and provide
schools with a unique progress monitoring interface that allows students and teachers to use
data to guide instruction. Teachers are equipped with ongoing opportunities to review results
and see positive change over time. They are given the tools to track student progress and
respond with instructional modifications specific to student needs. Archipelago Learning’s
digital products offer a unique source of informative support aimed at understanding how
student learning and achievement data can positively transform instruction.
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Appendix. Effect Sizes of Research

To understand the strength of a set of findings, readers can take effect sizes into
consideration. Effect sizes explain the difference in standardized deviation between two groups
of interest. In other words, an effect size of 1.00 means that an average person in the
treatment condition scored 1 standard deviation, or 32 percentile points, higher than the
average person in the control condition. The table below details the effect sizes of referenced

studies when effect sizes were available.

Area Range of effect sizes
Student Access to Progress Monitoring Data

and Student Achievement®7:68.69.70.71 0.27102.47
Teacher Access to Progress Monitoring Data

and Student Achievement’273747576 tzvie e
Professional Development/Teacher Support 0.21 10 0.28

and Student Achievement’’.78

57 Baker, Gersten & Lee (2002)

& Clymer & Wiliam (2007)

% Robinson, DePascale, & Roberts (1989)

70 Schunk & Swartz (1993)

71 Schunk & Rice (1991)

2 Baker, Gersten, & Lee (2002)

3 Fuchs, Fuchs, & Hamlett (1989)

74 Fuchs, Fuchs, Hamlett, & Allinder (1991)
5 Fuchs, Fuchs, Hamlett, & Ferguson (1992)
8 Fuchs, Fuchs, Hamlett, Phillips, & Bentz (1994)
7 Carlson, Borman, & Robinson (2011)

8 Christman et al. (2009)

Using Digital Learning Data to Drive Instruction
Magnolia Consulting, LLC, November 5, 2012



